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The Hype Cycle - Gartner July 2013
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The 2013 Hype Cycle features Internet of Things, machine-to-machine
communication services, mesh networks: sensor and activity streams.
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What are the “Things?”

Global Internet Device Installed Base Forecast
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Big Data and loT
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Different
“Views” of
Aircraft - as
collection of
sensors
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http://www.flightglobal.com/cutaways/civil/phenom-300/
http://www.flightglobal.com/cutaways/civil/phenom-300/
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Data from Jet Engine

We Used to Get...
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Making “Sense” of the “Sensors”

EGT = Exhaust Gas Temperature

The temperature of the exhaust gases as they enter the tail
pipe, after passing through the turbine

A good indicator of the health of engine (just like human body
temperature)

Recording and interpreting the EGT can help to detect several
jet engine problems.

Combuslion Exhaust

Intake Compression




Industrial Internet: Big Data Analytics

Delivering sharper insights to users

Ingest massive Bringanalyticsto Elastically Innovative
volumes of data - and vice execute on analytics

data - with versa large-scale models
parallelization requirements

Various datasources
S Enterprise (operational and business) Data,

Industrial Data & External Data




Wind Farms
Explained
Via Visuals!

Altamont Pass Wind Farm

Turbines near Livermore, California

Location Altamont Pass, Alameda
County, California

Coordinates A7242'57'N 121238'9'W
4
Commission date 1981
Power generation
Primary fuel Wind
Units operational 4930
Nameplate capacity 576 MW

Annual generation 1.1 TWh




David Gilford dailford - 20

"A single power generating unit creates 1 TB of data each day" - @Jeffimmelt on
Industrial Internet #lloT #BNEF2014 pic twitter.com/OPt9Hend3e
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Value Of Big
Data Analytics

1 Gas Turbine Compressor Blade
Monitoring Potential:

500 Gigabytes Per Day
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Apply Batch or Real-Time Analytics
to the Machine-Generated Data
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Industrial Big Data - fast and vast
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Today’s approaches are not prepared
for onslaught of Industrial Big Data
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Too
expensive

80% of an analytics project typically involves gathering
and then preparing the data for analysis*




Yesterday's data warehouse
architecture
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New approach - Industrial Data
Lake architecture
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Aviation and Big Data

Mon, Aug 11, 2014, 5:54 PM EDT - U.S. Markets closed

GE starts rolling out Pivotal’'s big data
technology to its own customers

GIGAOM &/ e vy + x BEEO

General Electric, which has touted the potential advantages of applied big data for a few years and last

“GE expects the data collection to grow to 10 million
flights and 1,500 terabytes of full flight operational
data by 2015.”




Pivotal Architecture

HAWQ- Advanced
Database Services

ANSI SQL + Analytics
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